Wi A1 (L)

? - eyl {0 % N R
fR & PJ
2023/12/6



Survival Analysis
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ID ISE:X Age Tx l event (death) IStart_date Death date follow date IEnd_date follow year l
Casel 0 45 0 0  2012/5/8 N ~ 2016/7/15  2016/7/15 4.19
Case2 1 55 0 1 2013/12/9  2015/1/16 2015/1/16 1.10
Case3 0 56 0 0 2012/5/10 2014/3/12  2014/3/12 1.84
Cased 1 51 1 1 2014/9/11  2016/7/18 2016/7/18 1.85
Case5 0 62 1 1 2012/8/12 2016/12/19 2016/12/19 4.35
Case6 1 70 0 1 2018/7/13  2019/7/20 2019/7/20 1.02
Case7 1 58 0 0 2015/5/14 2016/8/21  2016/8/21 1.27
Case8 0 66 0 0 2018/8/15 2019/7/22  2019/7/22 0.93
Case9 0 60 1 0 2019/5/16 2019/7/23  2019/7/23 0.19
Casel0 0 63 1 0 2017/10/17 2018/7/24  2018/7/24 0.77
Casell 0 66 1 0 2016/3/20 2017/7/25  2017/7/25 1.35
Casel2 0 69 1 0 2014/8/22 2016/7/26  2016/7/26 1.93

s PHPRIHR-T AE

o FhkiForEY RLE > 4eSex (Fvs M), Age (<60 vs >=60)

& (event): 0="37%; 1=~

% End_date Y

e




Definition of Time to Event Variables
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(progression free survival, PFS)
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(disease free survival, DFS)
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(time to progression, TTP)
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(time to treatment failure, TTF)
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(overall survival, OS)
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(disease specific survival, DSS)
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Definition for the Assessment of
Time-to-event Endpoints in Cancer

Time to progress

Progression-free
survival

Progression-free
interval

Relapse-free
survival

Recurrence-free
survival

Disease-free
survival

Overall survival

Disease-specific
survival

The time from diagnosis/treatment to the
progression of tumor (in any aspect).

The time from diagnosis/treatment to the
progression of tumor (in any aspect) or
death (for any cause).

The time from treatment to locoregional
recurrence.

The time from treatment to the relapse (local,
regional, distant).

The time from treatment to locoregional
recurrence or death (for any cause)

The time from treatment to locoregional

recurrence, metastasis or death (for any reason)

The time from diagnosis/treatment to death
(for any reason).

The time from diagnosis/treatment to death
(cancer-specific).

Diagnosis

TTP

PFS

PFI

RFS

DFS

o
7

Iy

DSS

: Treatment Die
i _.relapse
é N ; : R
Distant locoregional Distant Any Cancer
metastasis Recurrence metastasis cause

a

Treatment

Toraih, Eman A, et al. "A miRNA-based prognostic model to trace thyroid cancer recurrence." Cancers 14.17 (2022): 4128.
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S (A
— Kaplan-Meier
— Log-rank test
— Cox Proportional Hazards Model

2.2. Statistical Analysis

The most important censored point of this study was the first episode of UBR. UBR-free survival
was defined as the interval between the date of NUx and the date of the first episode of UBR. Survival
data was analyzed using both the Kaplan-Meier method and the logrank test. Univariate and

multivariate analyses by Cox’s proportional hazards model were used to determine the relevance

between each of the clinicopathological factors and UBR. P-values less than 0.05 were defined as

statistically significant. All statistical analyses were performed with SPSS (Statistical Package for the
Social Sciences, version 22.0, IBM, NY, USA).

Chen, Chuan-Shu, et al. Diagnostics 10.4 (2020): 201.



Kaplan-Meler

Overall Survival
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Kaplan-Meier Estimates

ID [fu time (month)| status

1 2 0

2 2 0

3 2 1

4 3 0

5 3 0

6 4 1

7 4 0

8 5 0

9 6 1

10 6 0

month [Number at risk Number of events [Number of censored |Conditional Probability [Survival Function

1 10 0 0 10/10=1.00 1.00
2 10 1 2 9/10=0.90 0.90*1.00=0.90
3 7 0 2 7/7=1.00 1.00*0.90 = 0.90
4 5 1 1 4/5=10.80 0.80*0.90=0.72
5 3 0 1 3/3=1.00 1.00*0.72=10.72
6 2 1 1 1/2=0.50 0.50*0.72=0.36

10



LLog-rank Test
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Overall Survival

Survival Curve
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Survival Curve

Survival Table

Survival Table

Cumulative Proportion
Surviving atthe Time N of N of
Cumulative Remaining
Time Status Estimate Std. Error Events Cases
1 B.467 | Death 968 032 1 30
2 9.833 | Death 935 044 2 29
3 10.767 | Death 903 053 3 28
4 14.900 | Death BT {060 4 27
5 15.667 | Death 839 066 5 26
[ 16.667 | Death 806 071 3 25
7 17.533 | Death 74 075 7 24
] 17.833 | Death 742 073 8 23
] 20.933 | Death 710 082 ] 22
10 23.467 | Death 677 084 10 21
11 25233 | Death 645 E 11 20
12 25800 | Death 613 .08y 12 19
13 27.033 | Death 581 .08g 13 18
14 27.533 | Death 548 .08g 14 17
15 27567 | Death A16 030 15 16
16 29.333 | Death 484 030 16 15
17 30.133 | Death 452 EE] 17 14
18 32.500 | Death 419 EE] 18 13
19 40.300 | Death 387 087 19 12
20 45400 | Death 355 086 20 11
2 55933 | Death 323 084 21 10
22 75.667 | Death .290 082 22 ]
23 81.933 | Death 258 078 23 8
24 B5.567 | Survival 23 7
25 B5.600 | Survival 23 [
26 B6.233 | Survival 23 5
27 94.333 | Survival 23 4
28 97.233 | Death 194 081 24 3
29 99.167 | Survival 24 2
30 104,167 | Survival 24 1
kKl 105.367 | Survival 24 0

Cumulative Proportion
Sunviving atthe Time Mot M of
Cumulative Remaining
Time Status Estimate Std. Error Events Cases
1 8.467 | Death 968 .03z 1 30
2 9.833 | Death 835 044 2 28
3 10.767 | Death 903 053 3 28
4 14.900 [ Death 871 060 4 27
] 15.667 | Death B39 {066 i 26
6 16.667 | Death 806 .07 6 25
7 17.533 | Death T74 075 7 24
g 17.833 | Death 742 078 8 23
] 20933 | Death 710 082 9 22
10 23.467 | Death B7T7 084 10 21
11 25233 | Death 645 086 11 20
12 25800 | Death B13 087 12 19
13 27.033 | Death 881 .08g 13 18
14 27.533 | Death 548 089 14 17
15 27.567 | Death 516 090 15 16
16 28,333 | Death 484 090 16 15
17 30133 | Death 452 088 17 14
18 32,500 | Death 419 .0ge 18 13
19 40.300 | Death 387 087 14 12
20 45400 | Death 358 086 20 11
21 55933 | Death 323 084 hl 10
22 75667 | Death .280 0|z 22 ]
23 81.933 | Death 258 0749 23 g
24 85567 | Sunvival 23 7
25 85.600 | Sunvival 23 3
26 86.233 | Sunvival 23 5
27 94.333 | Sunvival 23 4
28 97.233 | Death 194 081 24 3
29 99167 | Survival 24 2
BT BT FRET - TTRTe 24 1
31 105.367 | Death .000 .0oo 25 0 II 13




Presentation of Survival Curve
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Survival Table

Cumulative Propartion
Sunviving atthe Time N of N of
Cumulative Remaining

Time Status Estimate Std. Error Events Cases
1 8.467 | Death 968 .03z 1 30
9.833 | Death 935 044 2 29
12M 10.767 | Death .03 063 3 28
4 14,8900 | Death B 060 4 27
3 15.667 | Death B39 {066 A 26
6 16.667 | Death .BO6 .071 [ 25
7 17.533 | Death J74 075 7 24
8 17.833 | Death 742 .07e g 23
20,933 | Death a0 .08z 9 22
24M 23.467 | Death BTT 084 10 21
11 25233 | Death 645 086 11 20
12 25800 | Death 613 087 12 19
13 27.033 | Death A3 084 13 18
14 27.533 | Death 548 .0ge 14 17
15 27.567 | Death A6 090 15 16
16 28.333 | Death 484 090 16 15
36M 30133 | Death 4562 088 17 14
. . 32.500 | Death 418 .088 18 13
40.300 | Death 387 087 19 12
48M 45400 | Death 355 086 20 11
: : 55933 | Death 323 084 21 10
60M 75.667 | Death 2490 .0g2 22 9
: ' 81.933 | Death 258 079 23 8
84M 85.567 | Survival 23 7
| 25 | 85.600 | Survival 23 6
26 86.233 | Survival 23 A
96M 594.333 | Survival 23 4
- 97.233 | Death 194 .0m 24 3
29 99167 | Survival 24 2
30 104167 | Survival 24 1
Kl 106367 | Survival 24 0
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Presentation of Survival Curve
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Months represent months from the date of therapy activation.

Figure 5. Kaplan-Meier curve of mortality. Kaplan-Meier curve showing esti-
mated mortality through 36 months of active therapy using the pooled treat-

ment and former control groups. Patients who did not die were censored at last
contact if they did not reach 36 months of active therapy.

Long-term efficacy and safety of phrenic nerve stimulation for the {5
treatment of central sleep apnea. Sleep 42.11 (2019): zsz158.



Cox Proportional Hazards Model

5 % HcE S (Time to event) e85 48

TR A G TS o F R e
"% F1+ ¥toutcome g X8

h(t)
=0x +0,x,+ -+ [ x
h (f) /81 1 /82 2 ﬁk k
Hazard ratio (HR) Explanation
HR=1 Two groups have the same survival experience
HR>1 Survival is better in the control group

HR<1 Survival is better in the treatment group

16



Kaplan-Meler Example
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FIGURE 2
The Kaplan—Meier survival curves for 5-year overall survival (A) and 5-year disease-specific survival (B). CT chemotherapy.

Outcomes of" sandwich™ chemoradiotherapy compared with chemotherapy alone for the adjuvant
treatment of FIGO stage 11l endometrial cancer. Frontiers in oncology, 12 (2022), 946113-946113. 1/



Cox Regression Example

5-year disease-specific survival

HR

Age group

<60 Reference

=260 1.34
FIGO stage

[IA and IIIB and ITIC1 Reference

mIcz 1.45
Histology grading

Grades 1 and 2 Reference

Grade 3 8.70
Treatment

CT alone Reference

Sandwich 0.27
LVSI

Absent Reference

Present 382
Deep myometrial invasion

Absent Reference

Present 7.85

Univariate

95% CI

(0.36-5.07)

(0.44-4.75)

(1.11-68.01)

10.07-1.04)

(0.49-29.89)

(1.00-61.34)

p-value HR
0.665
0.541
Reterence
0.039* 9.16
Reterence
0.056 0.23
0.201
Reterence
0.050 9.44

Multivariable

95% CI p-value
(1.17-71.70) 0.035*
(0.06-0.87) 0.030*
(1.20-74.15) 0.033*

Outcomes of" sandwich" chemoradiotherapy compared with chemotherapy alone for the adjuvant

treatment of FIGO stage 11l endometrial cancer. Frontiers in oncology, 12 (2022) , 946113-946113.
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P #P % Hc/ed2-SPSS

* PR E (SBGLP)
— PP GO0 Iy R o P =09 ST~ p
=99¢% 5 15 -
— B¥H T FEE T B (CHARSUBSTR)
» CHAR.SUBSTR(% #ic, 42418 | IFF & &) ©
» EX: CHAR.SUBSTR(20090731,1,4) = 2009
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2

€8 Compute Variable

Target Variable:

Numeric Expression:

oP_Y

Type & Label...

&u D

Sh FHEH
& ST
Sh A
&y BifEE R

_ || [CHAR SUBSTR(FTHE,1,4)

Function group:

Search
Significance
Statistical

CHAR.SUBSTR(strexpr,pos[,length]). String. Returns the
substring beginning at character position pos of strexpr.
The optional third argument represents the number of
characters in the substring. If the optional argument length
is omitted, returns the substring beginning at character
position pos of strexpr and running to the end of strexpr.

=

Char.Lpad(2)
Char.Lpad(3)
Char.Mblen

Char.Rindex(2)
Char Rindex(3)
Char.Rpad(2)
Char.Rpad(3)

(optional case selection condition)

—Label

(@ Label:

©) Use expression as label

FType

) Numeric
(@) String

Width: |2

| Continue I Cancel Help

17 [
M Compute

ariable

Target Variable:

String Expression:

OF_M -

ﬁ Compu

te Variable

Target Variable:
oOFP_D =

Type & Label...

CHAR.SUBSTR(F#HIHER,5,2)

String Expression:

CHAR.SUBSTR(F# BEA,7,2)

20



P3P % Bl

ID il HHE] ETFARES SEHE] | FRifEHEH OP_Y OP_M OP_D
casel 20060303 -0 20080525 2006 03 03
case2 20120517 -0 20121026 2012 05 17
casel 20060503 -0 20090617 2006 05 03
cased 20101112 -0 20160402 2010 " 12
caseb 20120803 .0 20130512 2012 08 03
caseb 20110224 .0 20140514 2011 02 24
case’ 20121199 020141016 2012 11 IBB l
cased 20130821 020141212 2013 08 21
cased 20140523 -0 20160608 2014 05 23
casel10 § 20160113 020170811 2016 0 13
casell J 20150303 -0 20180329 2015 03 03
casel2 | 20160905 .0 20190812 2016 09 05
casel3d | 20141219 -0 20200125 2014 12 19
caseld [ 20120420 1.0 20150710 j2012 04 20
caselsd | 20151229 1.0 20211004 g2015 12 29
casel6 | 20160420 1.0 20210909  g2016 04 20
casel7 | 20190827 1.0 20211018 2019 08 27
casel1d | 20050820 1.0 20170831 2005 08 20
casel1d § 20051016 1.0 20180816 2005 10 16
case20 § 20111224 1.0 20151018 2011 12 24




P3P % Bl

OPY OP_M OPD OP D2
2006 03 03 03
2012 05 17 17
2006 05 03 03
2010 11 12 12
2012 08 03 03
2011 02 24 24
2012 11 99 |15 I
2013 08 21

2014 05 23 23
2016 01 13 13
2015 03 03 03
2016 09 05 05
2014 12 19 19
2012 04 20 20
2015 12 29 29
2016 04 20 20
2019 08 27 27
2005 08 20 20
2005 10 16 16
2011 12 24 24

o]

el

@ Compute Variable
Target Variable: String Expression:
OP_D2 _ [P

@ Compute Variable
Target Variable: String Expression:
|DF'_D2 | RE
&uD
@aﬂﬁa%ﬁ
e pon
Bor = il
Sorb i e ) 2 )
da 0702 P R -/ -

) el

&
—

OP_D ="99"

[

(o) e ) coma (n. 7



P3P % Bl

e

OP_ Y ~OP_M ~ OP D2 — # % #icie 3| 7 #2

HAE>p B o B A0 N0 p B AR

([ J
([ J
=2 HIER S E
OPY | OPM | oPD | oOPD2
2006 303 3
2012 517 17
2006 503 3
2010 1112 12
2012 803 3
2011 224 24
2012 11 99 15
2013 8 21 21
2014 523 23
2016 113 13
2015 303 3
2016 905 :
2014 12 19 19
2012 420 20
2015 1229 29
2016 420 20
2019 827 27
2005 820 20
2005 10 16 16
2011 12 24 24

#8 Date and Time Wizard - Step 1 of 2

You can create a dateftime or duration variable from numeric variables containing parts of
years,months, and hours. The parts (other than seconds) should not already be dateftime

Selectthe appropriate variables below and press Next

Variables: Year:

&b ST % [@ory
OP_date

f U ¥ Month:
& FU_N -
2 EE_GD : Day of Month:

K2

Day of year:
(%Y

@ Date and Time Wizard - Step 2 of 2

You can name and label the resultvariable and assign an appropriate format

Result Variable: Qutput Format
OP_date qQwy
mmm yyyy
mmm yy
ww WK yyyy

yyyyimm/dd
ik

F

23



P3P % Bl

OPY | OPM | OPD OP_D2
2006 303 3l 2006/03/03
2012 517 17| 20120517
2006 503 3] 2006/05/03
2010 11 12 120 2010/11/12
2012 8 03 3l 2012/08/03
2011 224 240  2011/02/24
2012 11 99 18] 201211715
2013 8 21 21| 2013/08/21
2014 523 23] 2014/05/23
2016 113 13 2016/01/13
2015 303 3l 2015/03/03
2016 9 05 2016/09/05
2014 1219 190  2014/12/19
2012 420 201  2012/04/20
2015 1229 291  2015/12/29
2016 420 201  2016/04/20
2019 8 27 2711  2019/08/27
2005 8 20 201  2005/08/20
2005 10 16 16| 2005/10/16
2011 12 24 241 201111224

24



P3P % Bl

[&] Compute Variable
ETEAR RS TEHEY | FsRiEEEH FU
.0 20080525 20080525 Target Variable: Mumeric Expression:
0 20121026 20121026 i - pECEd
0 20090617 20090617
0 20160402 20160402 B Comma varai
0 20130512 20130512
Target Variable: Mumeric Expression:
0 20140514 20140514 T | . s
0 20141016 20141016
020141212 20141212 da 1D -
0 20160608 20160608 A
020170811 20170811 da T B e Ll dledle)
0 20180329 20180329 ﬁiﬁuﬁ%a o el L)
0 20190812 20190812 22&; e el Lladled
0 20200125 20200125 g e il e el
1.0 20150710 | 20150710 a OP_date ) ledlo) pese )|+
1.0 20211004 | 20211004 =
1.0 20210909 | 20210909
1.0 20211018 | 20211018
1.0 20170831 | 20170831 =
1.0 20180816 | 20180816 [ |
1.0 20151018 | 20151018 e e p—




Lo

BESPPIrRFRHELDPIcRERFLESTE 433 B I

Z Fene i E =

Transform  Analyze  Direct Marketing  Graphs

= Compute Variable...
Programmability Transformation...
L#d Count values within Cazes...
Shift Values...
[&] Recode into Same Variables...
[2£] Recode into Different Variables..
[#] Automatic Recode...
Create Dummy Yariables
[p2 Visual Binning...
[ Optimal Binning...
Prepare Data for Modeling 3
B Rank Cases...
& Date and Time Wizard...
[ Create Time Series...
%E Feplace Missing Values...

@ Random Number Generators...

|£| Date and Time Wizard

zard - Step 2 of 3

Calculate the number of ime units between two date or datefime variables

The result will be an integer variable. Any fractional part of a unit will be discarded. The result will be a duration variable. Only
duration variables are shown in the variables list below.

&| Date and

Calculation:

Variables:

Datet:

42 Current date and i

Time Wizard - Ste

- |£,] FU_date

minus Date2

@ | OP_date

Unit

|Years

Result Treatment:

© Truncate to integer
@ Round to integer

@ Retain fractional part

For month and year units, the resultis based
average unit length unless truncation is used.

on

$TIME is the current date and time

FU_date - OP_date

Result Variable:

|DS_1,rear

Variable Label:

Units:
Years

"Exe cution

(@ Create the variable now Paste the syntax into the syntax window 26




> Py ﬁ_é, 37“ j';.”é"
» OS year = FU _date — OP_date

OF _date FU date
2006/03/03 2008/05/25
2012/06/17 20121072
2006/05/03 2009/06/1
20101112 2016/04/0
2012/08/03 2013/05/1
2011/02/24 2014/05/1
20121115 2014/10/M
2013/08/21 2014121
2014/05/23 2016/06/08
2016/01/13 2017/08/11
2015/03/03 2018/03/2
2016/09/05 2019/08/M
2014112119 2020/01/25
2012/04/20 2015/0710
2015/12/29 2021/10/0
2016/04/20 2021/09/0
2019/08/27 20211018
2005/08/20 2017/08/31
2005/10/16 2018/08/1
201112724 2015/10/18




KM and Cox Regression SPSS dataset:

0] group OP_date End Date STATUS &y STATUS DSS &y | Month OS5 Age gp Hist grading
1 1 2016/04/20 2021/09/09 1 0 64.66 0 2
2 1 2012704427 2020/02/20 1 0 93.80 1 1
3 1 201512430 2021/01/14 1 0 60.68 0 1
4 0 20101112 2016/04/02 1 0 64.66 0 2
b 1 201211421 2014/10/01 0 1 22.31 0 2
B 1 201310/08 2020/02/12 1 0 76.16 0 1
7 0 2006/03/29 2008/05/25 0 1 25.89 0 1
g 1 2012/06/19 202012/23 1 0 102.14 1 2
g 1 2018/M10/29 202110020 1 0 351 1 1
10 1 2019/08/27 20211018 1 0 2572 0 2
11 0 2010/02/05 201711124 1 0 93.60 0 2
12 0 2011702124 2014/05/14 0 1 38.60 0 2
13 1 2017708/25 2021/01/05 1 0 40.38 1 1
14 1 2012704420 2015/07/10 1 0 38.64 0 2
15 0 2005/10/06 2015/02/18 1 0 112.43 0 2
16 1 2018/06/25 202110114 1 0 39.66 0 2
17 1 2015/04/08 2021/09/28 1 0 7.0 1 1
18 1 20141017 202110027 1 0 64.34 0 1
19 0 2012/08/03 2013/05M12 0 1 9.26 0 2
20 1 201370114 2017/09/26 0 0 56.38 0 2

N
(0 ¢]



Kaplan-Meier 4 47 3% it

A>3 B A
>Kaplan-Meier it

Analyze Direct Marketing

Graphs

Utilities  Add-ons  Window

Reports

Descriptive Statistics
Tables

Compare Means

General Linear Maodel

Generalized Linear Models

Mixed Models
Correlate
Regression
Loglinear

Meural Metworks
Classify

Dimension Reduction
Scale
Monparametric Tests
Forecasting

Sunvival

Multiple Response

1§ PS Matching

Missing Value Analysis...

Multiple Imputation

v v v ¥ ¥ Y ¥ ¥ ¥ ¥ ¥ Y ¥y ¥ ¥ Yy ¥

% & B

STATUS 5y | STATUS DSS.

[ s I R N S T - I S s I S R S

[ Life Tables...

Kaplan-Meier...

=i| Cox Regression...

| Cox wi Time-Dep Cov...
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Kaplan-Meler 4 373 iF

@ Kaplan-Meier

@ Kaplan-Meier: Compare Factor Levels

Test Statistics
[ Logrank || Breslow [] Tarone-\Ware

Time:
& 1D | & Month_0s |
f,;, OP_date Statys: [7] Linear trend for factor levels
;1_:;8;195 Y | ST;TUS_DSS_EHH | (@ Pooled over sirata (2 Pairwise over strata
% ¥ (Z) For each stratum (©) Pairwise for each stratum
&b Age_gp Define Event...
& Hist_grading |Cnnlinue| cancel || Help
&5 FIGO_stage
&, Lvsl
% Deep myometrium invasion [... @ Kaplan-Meier: Define Event For Status .. | = | Kﬂplan—h"leier_ Optiuns |i|
% EM|25_QD Value(s) indicating event has occurred . StEltiStiCS
& Cx invalvernent [Cxinvolveme... Factor @ Single value: |1 |
% AT | & aroup © Range of values: through [ Survival table(s)

© List ofvalues: [« Mean and median survival
Strata: - ' .
= [ Quartiles
» | |
Change
Label Cases by - Plots
> Remove
| [ Surival
| 0K I Paste || Reset || Cancel E [_ : ue” Cancel ” e ] [] One minus survival
[] Hazard
[] Log Survival

| Continue I Cancel Help
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Kaplan-Meier Output

Case Processing Summary

Disease specific survival

Censored Survival rate (%) p for
Censored Total | DSS | % 1 3 c log
group Total M M of Events M Percent 0 y y y rank
CT alone 27 8 189 70.4% Treatment
Sandwich 19 3 - CTalone | 27 | 8 | 19 | 70.4% | 92.6% |81.2%69.6% | 0.041
i 0 0 0 0
overall o6 y - Sandwich | 39 | 3 | 36 | 92.3% [100.0% [97.4%[91.8%
Survival Table
Cumulative Proportion Nof Nof 10
Surviving atthe Time Cumulative Remaining l_\_l
group Time Status Estimate Std. Error Events Cases
CTalone 1 5322 | DSS 863 036 1 26 ® _
2 9.265 | DSS 626 050 2 25 ; 08
3 15.704 | DSS B89 060 3 24 5
4 22472 | no-DSS . } 3 23 (73]
5 25.880 | DSS B50 068 4 22 l.% 0.6
& 35187 | DSS 812 076 5 21 'S
7 36.862 | DSS 773 082 6 20 g
8 37191 | DSS 734 086 7 19 N 04-
] 368.604 | DSS 696 080 8 18 (] ~1CT alone
10 §3.639 | no-DSS 8 17 a ~INsandwich
(7]
11 64.526 | no-DSS ] 16 brd -
12 §4.657 | no-DSS 8 15 a 02 p =0.041
13 72.278 | no-DSS ] 14
14 85.290 | no-DSS ] 13
15 89.823 | no-DSS & 12 0.0 T T T T 1
0 12 24 36 48 60
Owverall Comparisons Month
Chi-Square df Sig.
Log Rank (Mantel-Cox) 4168 1 041
Test of equality of survival distributions for the different levels 31

of group.




Cox PH assumption

Log minus log

£ 2 .
o i% i Cox model LML) e 7 Cox model4c » time-
5 2 AT = & IBRK dependent & #ice2 3 iF
o\ - S L 7 ‘L' - E" /1/" A /) = e
S A QA g 3~ PRI T A TFFEBRK
— TiFREARL _gag:zp;.g\,;\«s@
LML Function at mean of covariates ?L\ &P IJ*‘ I~ ]"* /“;.
1.0 group
= 1CT alone
=4 1Sandwich
1 - Variables in the Equation
B SE Wald df Sig. Exp(B)
e T_COV_ -022 062 A20 724 874
group -.786 1.681 247 G149 ARE
=257
-3.07
-3.59
4.05
.DID 1 DI.DD 20 fDD 30 ?DD 40 ?DD
32
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Cox PH assumption

 Log minus log (LML) B]#;

& 1D

OP_date

<2 End_Date
% STATUS By
&b Age_ap

&5 Hist_grading
&5 FIGO_stage

& Lvsi
&5 BMI25_gp

&y FAFEIRIE

&5 Deep myometrium i...

&5 Cxinvolvement [Cxi...

Time:

% | & Month_0S

Status:

% |sTATUS DSS_Sy(1)

Define Event...

~Block 1 of 1

[4E]
>
—*

Frevious

)

=a*h=

Covariates:

Method: |Eﬂ1&f = |

Strata:

- |£) group

$8 Cox Regression: Plots >
~Plot Type
[] Survival [] Hazard [+ Log minus log

[] One minus survival

Covariate Yalues Plofted at:

E Separate Lines far:

~Change Value
@ Mean @& Value:

Change
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Cox PH assumption

« Cox time-dependent

Analyze  Direct Marketing

Graphs

Utilities

Add-ons

Window

Reports
Descriptive Statistics
Tables
Compare Means
General Linear Model
Generalized Linear Models
Mixed Models
Caorrelate
Regression
Loglinear
Meural Metworks
Classify
Dimension Reduction
Scale
Monparametric Tests
Forecasting
Survival
Multiple Response

[#¥ P2 Matching

EZ] Missing Value Analysis...

Multiple Imputation

T T v v v ¥ T ¥ ¥ ¥ ¥ ¥ ¥ ¥ ¥ ¥ v

EE

STATUS_ 5y

STATUS_DSS

[ R T T T = e - e e

[ Life Tables...

Kaplan-Meier.

Cox Regression...

1| Coxwi Time-Dep Cov...

&5 Time [T_]
& D
&5 group

A AN Aeba

& T_COV_[T_COV_|
& D

&5 aroup

&2 OP_date

End_Date

% STATUS By

&b Age_ap

&5 Hist_grading

&5 FIGO_stage

& Lvsi

&5 Deep myometrium i...
& BMI25_gp

&5 Cxinvolvemnent [Cxi...
&a FETRE

Sl 3
$ Compute Time-Dependent C

T % I8

Expression for T_COV_:

T_* group

Function group:

Covariates:

Covariates

Categorical Covariates:

Time:
% | & Montn_os
Status:
% [sTATUS DSS_5y(1)
rBlock 1 of1
Previous Mext
Covariates:
T_Cov_
group(Cat)

Method: ‘Enter

Strata:

& T_COV_[T_Cov_]

h A

[ Ok ”Ea.ste”ﬂeset”()ancel” Help ]

group(Indicator(first))

rChange Contrast

Reference Category: @ Last © First
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Cox model-4 78 1T

£ 17 >33 7% 4 17>CoxXit §F

Analyze  Direct Marketing

Graphs

Utilities ~ Add-ons

Window

Reports

Descriptive Statistics
Tables

Compare Means

General Linear Model

Generalized Linear Models

Mixed Models
Correlate
Regression
Loglinear

Meural Networks
Classify

Dimension Reduction
Scale
Monparametric Tests
Forecasting

Survival

Multiple Response

f PS Matching
EZ] Missing Value Analysis...

Multiple Imputation

Complex Samples

& Simulation...

FPialite Mamteal

v ¥ ¥ ¥ ¥ ¥ ¥ ¥ ¥ ¥ ¥ ¥ ¥ ¥ ¥ ¥y ¥y ¥

| B B

STATUS 5y

STATUS DS:

o T S U U S Y e AR " SO - T N S U Y U T

[ Life Tables...

Kaplan-Meier...

E7] Cox Regression...

B Coxwi Time-Dep Cov...
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Cox model-4 7 3 i®

@ Cox Regression: Define Categorical Covariates *
Q Cox Regression X Covariates: Categorical Covariates:
; Hist_grading(Indicator(first))

Time: = 4 Scaton(iret
& 1D » group(indicator(iirst))

| ﬁ Month_0S | Deepmyometriuminvasion(indicator(first))
&5 oroup
OP_date — )

&2 End_Date - | STATUS_DS3_3y(1)

@) STATUS_5y Define Event... ;

&b Age_gp —
: " —Block 1 of 1 ange Contrast
&5 Hist_grading Contrast =
o - (in ar b e
&5 FIGO_stage Previous M
% Ly L Reference Category: (O Last @ First
% Deep myometrium inv... Covariates:

@ Cox Regression: Options

| =

&5 BMI25_gp E Hist_grading(Cat)

&5 Cxinvolvement [Cxiny... group(Cat)

o FERIE R Deepmyometriuminvasion... - Model Statistics Probability for Stepwise —————————
["] Correlation of estimates
Method: |EﬂiEf T |

Display model information

@ At each step Maximum lterations:
Strata:

E © At last step [7] Display baseline function
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Cox model-Output

Categorical Variable Codings™"© 4

Frequency [}
grl:uupb 0=CT alone 27 ]
1=Sandwich 38 1
Hist_arading® 1=Grade 1 and 2 29 0 ‘3.« %IF ‘3 ﬁl‘é Sandwmh#p ﬁ’i""‘ CT
2=Grade 3 cri 1
Deepmyometriuminvasio O=Absent 27 ] alone“é '&0 23 [t Ji ’ﬁ ? P\ 9¥
n 1=Present 39 1 ,‘&_; P “,;‘,‘s_,;"‘i_ﬁ (p O 037)

a. Category variable: group
b. Indicator Parameter Coding
c. Category variable: Hist_grading

d. Category variable: Deepmyometriuminvasion (Deep myometrium

invasion)
Variahles in the Equation
95.0% Cl for Exp(B)
B SE Wald df Sig. Exp(B) Lower Upper

Hist_grading 2215 1.050 4.452 1 035 9161 1.170 71.701
group -1.474 G678 4711 1 030 229 080 86T
Deepmyometriuminvasio

. 2.245 1.051 4.559 1 033 9442 1.202 74150




Cox Model v.s Logistic Model

> RRIE L PERXE
P ot~ EHEER A KU
» ¢ * Hazard Ratio (HR) % 3+

> k%78 L $#c(0orl)
> L
»> ¢ * Odds Ratio (OR) iz 3+
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